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Data

LA+RA
* LGE-MRI & CT images acquired
LGE-MRI 91 at Johns Hopkins Hospital
................................... * Manual LA + RA segmentations
CT 78 * Mix of persistent and paroxysmal
AF patients
» 70/20/10 data split
Total 169
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RESULTS

BENCHMARK LA SEGMENTATION (LGE-MRI) METRICS

Avg DC Max DC Min DC Avg HD Min HD Max HD
BENCHMARK 0.9151 15.46
(CHEN ET AL.) + 0.03 0.962 0.832 + 18.11 S 107.94
0.9177 12.87
LARANet £ 003 0.964 0.821 L 459 6.15 29.08
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LARA SEGMENTATION (NEVER-BEFORE-SEEN IMAGES, LGE-MRI + CT) METRICS

Avg DC

Max DC Min DC Avg HD Min HD Max HD
0.9300 15.68
LA +0.03 0.974 0.851 L 882 1.77 117.46
0.895 19.96
RA 4 0.03 0.964 0.499 + 11.60 1.88 157.67
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